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Missing Data

The Prevention and Treatment of ™ Y
Missing Data in Clinical Trials




Unstructured Data
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Future Data

New Health Sciences Data Sources
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. Genomic Medicine:
ext Generation

Sequencing Costs Plummeting

Cost per genome
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The cost of saquencing
fell dramatically a few
years after high-through-
put sequencing machines
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Little Information

HEALTHCARE'S DATA
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o The end of theory: The data deluge makes
the scientific method (randomized controlled

trials) obsolete.
Chris

Anderson, Wired




Algorithms

library(gplots)
library(survival)
library(maxstat)
library(glmnet)
library(qvalue)

#source("https://bioconductor.org/biocLite.R")
Bottom-up #biocLiteQ

#biocLite(c("gvalue"))

# Setting the working directory here
setwd("~/HW2/")

# Reading in data

clinical<-read.table("~/HW2/HNSC.clin.merged.txt",
sep="\t",

fill=T,

# skipNul=T,
row.names=1,
colClasses="character™)

# Setting up assigned variables
variables<-
c("patient.bcr_patient_barcode","patient.days_to_death","patient.days_to_

last_followup","patient.vital_status™)
clinical<-clinical[variables,]

# Transposing column and row
clinical<-t(clinical)
clinical<-data. frame(clinical, row.names= ,stringsAsFactors =

# Converting to numeric
clinical$patient.days_to_death<-as.numeric(clinical$patient.days_to_death)
clinical$patient.days_to_last_followup<-as.numeric(clinical
$patient.days_to_last_followup)




Big Data
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. Data Mining:
New Knowledge from Big

UNSTRUCTURED DATA TO RESULTS
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. Deep Learning:
Machine Learning/ Neural
Networks
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dens <- density(
dx <- dens$x
dy <- der
if(add

below <- rep(y[1.], length(dx))
CFLill = T)
confshade(dx2, seqgbelow, dy2
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dens <- density( } A@
dx <- dens$»
dy <- dens! [_DailyMed }
if(add
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Biolntelligence
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Making the invisible visible
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Medicine
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